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4 Abstract. The active integration of artificial intelligence systems into information and analytical activities
foregrounds the problem of investigating the psychological factors that determine the specificities of analysts’ interaction
with automated systems and their susceptibility to cognitive biases in professional decision-making. The aim of this
article was to examine the interrelationship between cognitive style, locus of control, and trust in artificial intelligence
systems as factors contributing to the formation of intelligence pitfalls in the professional activity of intelligence analysts.
The study combined a theoretical analysis of contemporary academic literature with an empirical investigation of the
specificities of interaction with automated systems among 50 practising OSINT and information analysts. The Rational-
Experiential Inventory by S. Epstein was employed to assess cognitive style, the level of trust in automated systems was
determined using the Trust in Automation Questionnaire by M. Korber, and the locus of control was investigated via
J. Rotter’s methodology. Analysis of the obtained data revealed the presence of correlations between the respondents’
thinking peculiarities, their level of subjective control, and their perception of algorithmic systems. Respondents with
a predominance of an intuitive mode of information processing more frequently demonstrated a willingness to rely
on automated recommendations and assessed the functional capabilities of AI systems more positively. In contrast,
participants with a more pronounced analytical thinking style exhibited a tendency towards more thorough verification
of algorithmic decisions and a lower level of acceptance without additional analysis. It was also established that a
higher level of internal control is accompanied by a more positive perception of the reliability and competence of
automated systems. The obtained results confirm the significance of individual psychological characteristics in shaping
the specificities of human interaction with artificial intelligence technologies in professional activity. The research
findings can be utilised in developing psychological training programmes for analysts and in fostering skills for critical
and reflexive interaction with artificial intelligence systems

+ Keywords: cognitive style; intuitive thinking; rational thinking; locus of control; internality; trust in automated
systems; OSINT

4+ Introduction

The active implementation of artificial intelligence tech- increasingly utilised for the collection, structuring, filter-
nologies within the system of information and analytical ing, and forecasting of information, thereby enhancing the
support for state security predetermines the transformation  speed and efficiency of analytical work. At the same time,
of the professional activity of Open Source Intelligence the final interpretation of the obtained data, the assess-
(OSINT) operators and analysts. Automated systems are ment of their reliability, and professional decision-making
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remain within the realm of human responsibility. Under
conditions of information overload and uncertainty, the
significance of psychological factors that may influence the
specificities of an analyst’s interaction with artificial intelli-
gence systems and contribute to the formation of cognitive
errors in the process of professional activity is heightened.
The issue of trust in artificial intelligence systems occu-
pies a prominent place in interdisciplinary research on hu-
man-automation interaction. W.J. von Eschenbach (2021)
noted that the insufficient transparency of algorithmic sys-
tems and the “black box” phenomenon substantially affect
the level of user trust in automated decisions. The author
emphasised that the opacity of algorithmic functioning
can reduce an individual’s willingness to rely on AI rec-
ommendations, even when these are highly accurate. In
their study on the effectiveness of human-Al interaction,
G. Bansal et al. (2021) demonstrated that the availabili-
ty of explanations for algorithmic decisions influences the
quality of teamwork and the nature of the perception of
automated recommendations. According to the authors,
the user’s ability to understand the logic of an algorithm’s
operation fosters a more balanced interaction between the
human and the artificial intelligence (AI).

The phenomenon of overtrust in decision-making sup-
ported by artificial intelligence was examined by Z. Bucin-
ca et al. (2021). The researchers drew attention to the fact
that users may demonstrate a tendency to automatically
accept algorithmic recommendations without sufficient
critical analysis, particularly in situations of high cognitive
load. In the conceptual framework of human-centered ar-
tificial intelligence, B. Shneiderman (2022) substantiated
the necessity of preserving the active role of the human
in the decision-making process involving algorithmic sys-
tems. The researcher underscored that the effectiveness of
AT utilisation is determined not only by the technical char-
acteristics of the system but also by the user’s psychological
readiness to interact with it. The relationship between trust
in artificial intelligence and the individual psychological
characteristics of the personality was analysed by O. Gil-
lath et al. (2021). The researchers indicated that the level of
trust in automated systems may depend on the specificities
of an individual’s interpersonal trust and attachment style.
It was also noted that the psychological characteristics of
the personality are capable of influencing the specifics of
human interaction with algorithmic systems. The impact of
explainable artificial intelligence on the formation of cali-
brated trust in algorithmic systems was examined by R. De
Brito Duarte et al. (2023). The authors emphasised that the
explainability of algorithms can enhance the level of user
trust only under the condition of sufficient understanding
of the system’s functioning principles and a critical reflec-
tion on the received recommendations. The specificities of
human perception of Al-generated outputs were analysed
by N. Koébis & L.D. Mossink (2021). According to the re-
searchers, users are not always capable of differentiating
between results produced by algorithms and those pro-
duced by humans, which can influence the formation of

trust in automated systems and the specificities of evaluat-
ing their effectiveness.

In studies dedicated to human interaction with auto-
mated systems, considerable attention is paid to the role
of the personality’s cognitive characteristics in the deci-
sion-making process. An analysis of academic literature
confirms that the specificities of information processing,
the propensity for an intuitive or analytical mode of think-
ing, as well as the level of subjective control, can influ-
ence the evaluation of algorithmic recommendations and
the nature of user behaviour in situations of uncertainty.
In professional analytical activity, excessive trust in auto-
mated systems or their unjustified dismissal can diminish
the quality of analytical conclusions and increase the risk
of forming cognitive errors. Despite the substantial body of
contemporary research, the problem of the interrelation-
ship between cognitive style, locus of control, and trust in
artificial intelligence systems in the professional activity of
intelligence analysts remains insufficiently explored, par-
ticularly in the context of the formation of cognitive biases
and intelligence pitfalls in the process of analytical deci-
sion-making. The aim of this article was to investigate the
specificities of the interrelationship between the dominant
cognitive style (rational and intuitive), the level of subjec-
tive control, and trust in automated systems as psycholog-
ical factors determining the specifics of operator-analysts’
professional activity in interaction with artificial intelli-
gence systems and their potential susceptibility to the emer-
gence of intelligence pitfalls in the decision-making process.

4+ Literature Review
The issue of cognitive biases and their impact on profes-
sional activity constitutes one of the central themes of
contemporary psychology. Foundational studies have sys-
tematised the typology of cognitive distortions and bias-
es, among which confirmation bias occupies a particular
position. Confirmation bias is the propensity of an indi-
vidual, or specifically an intelligence analyst, to seek and
interpret information in a manner that confirms pre-exist-
ing beliefs (Logg et al., 2019). It is especially critical to
understand and delineate this bias in professional settings,
as the dominance of an initial interpretation may constrain
the consideration of alternative scenarios. In the context
of intelligence analysis, this signifies the risk of focusing
solely on data corroborating the initial assessment of a
situation while disregarding contradictory information.
Within classical studies of cognitive psychology, heuristics
are regarded as adaptive mechanisms enabling rapid deci-
sion-making under conditions of uncertainty and limited
information. Concurrently, the automated use of heuristics
can lead to systematic errors of judgement and cognitive
biases (Kahneman, 2021). In the professional practice of an
OSINT analyst, this implies that the mechanisms ensuring
the expediency of assessment may simultaneously elevate
the risk of erroneous data interpretation.

The practical application of the cognitive approach in
intelligence analysts’ activities is presented in the study by
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M.O. Popov et al. (2022), dedicated to the problem of cal-
ibrating nominal judgements within the intelligence infor-
mation evaluation process. The authors emphasised the ne-
cessity of aligning verbal probability assessments with their
quantitative representations to enhance the accuracy of an-
alytical conclusions. Such an approach aims to minimise
discrepancies between an analyst’s subjective judgement
and the objective parameters of forecasting. Similar con-
clusions can be traced in adjacent disciplines. O.V. Cher-
niakova & O.D. Hryshko (2025), in their study of strategic
management, demonstrated the adverse impact of cogni-
tive biases on the efficacy of managerial decision-making.
In the works of A. Konverskyi & N. Kolotilova (2023) on
argumentation processes, confirmation bias is examined as
a factor diminishing the quality of critical evaluation of
alternative positions and evidence. Within the framework
of investigating individual psychological determinants of
analytical activity, it is also essential to consider critical
thinking as an integrative personality characteristic. V. Na-
durak (2022) underscores that critical thinking entails the
capacity to logically analyse arguments, assess the relia-
bility of sources, and identify cognitive errors. Developed
critical thinking can thus be considered, in the context of
this study, as a means of mitigating the influence of con-
firmation bias, as it encourages the search for alternative
explanations and the verification of initial hypotheses.

Contemporary interdisciplinary research in the field
of decision-making highlights the necessity of combining
intuitive and analytical thinking strategies in complex
professional situations. In this context, it is pertinent to
refer to the work of Y.A. Tymoshchuk et al. (2022), who
examine intuition as a significant component within the
structure of personality self-regulation, playing a role in
decision-making processes under conditions of uncertain-
ty. The authors note that, under constraints of information
and time, intuitive mechanisms may serve as a means of
adapting the cognitive system to challenging conditions.
This approach permits intuition to be viewed as an inte-
gral part of self-regulation mechanisms, rather than mere-
ly the antithesis of rational thought. This position is con-
ceptually aligned with the dual-process model proposed
by D. Kahneman (2021), according to which intuitive
processes ensure speed of assessment, whilst analytical
processes provide its verification and correction. From
this perspective, the efficacy of a professional decision is
determined not by the dominance of one strategy, but by
the subject’s ability to flexibly regulate their interplay de-
pending on the task context.

In the context of human interaction with algorithmic
systems, the question of balance between intuitive and an-
alytical mechanisms acquires particular significance. Intu-
ition enables rapid orientation in complex and uncertain
environments, typical of analytical activities within the
security domain. Concurrently, the level of self-regulation
development and awareness of one’s own cognitive pro-
cesses, as emphasised by Y.A. Tymoshchuk et al. (2022),
may determine whether an intuitive decision is subjected
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to subsequent verification or, conversely, remains uncor-
rected. A deficit in reflective control elevates the risk of
uncritical acceptance of algorithmic recommendations or
their unjustified dismissal by OSINT analysts. Studies on
trust in automated systems corroborate that individual cog-
nitive characteristics of the AI user substantially influence
the nature of their interaction (Glikson & Woolley, 2020;
Burton et al., 2020). Specifically, trust in algorithmic deci-
sions may be both rationally substantiated and conditioned
by cognitive shortcuts or heuristic mechanisms. Moreover,
the explainability of an algorithm does not always guaran-
tee an adequate evaluation of its decisions, as the interpre-
tation of explanations depends on the analyst’s thinking
style and level of self-regulation (Bansal et al., 2021).

Thus, the interaction between analysts and artificial
intelligence systems can be considered as a process inte-
grating cognitive style, self-regulation mechanisms, and
the level of subjective control. Such interaction potentially
determines whether an algorithmic recommendation be-
comes a tool for improving work quality or, conversely, a
source of cognitive traps. The obtained theoretical proposi-
tions necessitate a robust empirical analysis of the psycho-
logical factors of trust in automated systems as potential
mechanisms for the formation of intellectual traps in the
professional activity of OSINT analysts.

4+ Materials and Methods

The empirical study of the psychological factors influenc-
ing trust in automated systems within the professional ac-
tivity of analysts was conducted on a sample of current
practitioners in the field of information and analytical sup-
port. The study involved 50 respondents aged 24 to 39.
Participant selection was carried out based on the criterion
of professional involvement in analytical activity, informa-
tion analysis, and data processing. In forming the sample,
characteristics such as professional experience, educational
background, and the specifics of the respondents’ profes-
sional duties were taken into account. The sample included
specialists from both the public and private sectors. The
survey was conducted on a voluntary basis with anonymity
ensured, using the online platform Google Forms during
January-February 2026. Personal data of the participants
were not collected, and the information obtained was used
exclusively in an aggregated form for scientific purposes.
The study was conducted in accordance with international
ethical standards for socio-psychological research, specifi-
cally the principles of the ICC/Esomar International Code
on Market, Opinion and Social Research and Data Analyt-
ics (2025) and Ethics and Data Protection (2021). All par-
ticipants were informed of the study’s purpose and provid-
ed voluntary consent to participate.

To examine cognitive style, the full version of the Ra-
tional-Experiential Inventory by S. Epstein et al. (1996)
was employed, consisting of 40 statements to determine ra-
tional ability (RA), rational engagement (RE), experiential
ability (EA), and experiential engagement (EE). Examples
of the inventory statements included: “I enjoy analysing
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complex problems” and “I often rely on my intuition when
making decisions”. To assess trust in automated systems,
the Trust in Automation Questionnaire (Korber, 2019) was
applied, enabling the determination of the level of trust
in systems based on the following parameters: reliability/
competence (F), understanding (I), developers’ intentions
(Pro), and overall trust (T). Examples of statements include:
“I consider the automated system reliable” and “The princi-
ples of the system’s operation are clear to me”. The level of
subjective control was investigated using J. Rotter’s (1966)
methodology, through which general internality (Gen) was
determined, as well as internality across various spheres of
life activity. An example of a statement was: “Most events
in my life depend on my own actions”.

To identify the relationships between the studied indi-
cators, Spearman’s rank correlation coefficient was applied
as a non-parametric method of statistical analysis. The pro-
cessing and statistical interpretation of the obtained results
were carried out using the licensed software IBM SPSS Sta-
tistics, which was selected due to its widespread applica-
tion in psychological and socio-behavioural research and its
capacity for conducting non-parametric statistical analysis.
The correctness of the results’ interpretation was ensured
by the correspondence of the chosen statistical methods to
the type of data obtained, as well as by comparing the find-
ings with theoretical propositions and research outcomes
in the fields of cognitive psychology and the psychology of
decision-making.

4 Results and Discussion

Analysis of the data obtained revealed statistically signif-
icant correlations between cognitive style and the level of
trust in algorithmic systems. The most pronounced pos-
itive correlations were established between an intuitive
thinking style and indicators of trust in automation. Intui-
tive ability (EA) has a strong positive relationship with the
overall level of trust in systems (T) (r = 0.765; p < 0.001)
and the indicator of understanding the principles of their
functioning (I) (r = 0.692; p < 0.001). Similar results were
also obtained for intuitive engagement (EE), which corre-
lates with overall trust (r = 0.654; p < 0.001) and system
understanding (r = 0.605; p < 0.001). The identified in-
terrelationships indicate that a pronounced intuitive infor-
mation processing style is accompanied by a higher level of
acceptance of algorithmic recommendations in the process
of information analysis. Such patterns may be explained
by the characteristics of the intuitive mode of thinking,
which is distinguished by rapid decision-making and an
orientation towards holistic perception of a situation. Un-
der conditions of information overload and time deficit,
the intuitive style potentially facilitates faster acceptance
of algorithmic conclusions without their prolonged analyt-
ical processing. For the activities of OSINT analysts, this
holds both adaptive and potentially risky significance. On
the one hand, trust in artificial intelligence systems can
enhance the efficiency of analysing large volumes of infor-
mation; however, on the other hand, excessive reliance on

automated recommendations may increase the likelihood
of automation bias formation and reduce the level of criti-
cal verification of the results obtained.

The rational thinking style is characterised by the
opposite tendency. Rational ability (RA) has a statistical-
ly significant negative relationship with the indicator of
system understanding (r = -0.528; p < 0.001) and over-
all trust in automation (r = -0.389; p = 0.005). A similar
negative relationship was recorded between rational en-
gagement (RE) and overall trust (r = -0.399; p = 0.004).
Thus, a more pronounced rational style is accompanied
by a more critical attitude towards automated decisions
and a lower level of trust in them. The established cor-
relations may indicate that individuals with a dominant
rational thinking style are inclined to verify algorithmic
recommendations more thoroughly, analyse the logic of
system functioning, and pay attention to possible errors in
automated analysis. The rational style implies an orienta-
tion towards the sequential verification of information and
critical evaluation of alternative options, which potential-
ly reduces the level of uncritical acceptance of decisions
proposed by artificial intelligence systems. In the field of
intelligence analysis, such a characteristic may promote
a more cautious use of algorithmic systems, especially in
situations where erroneous data interpretation could have
substantial consequences for security and the quality of
forecasting (Logg et al., 2019).

Analysis of the interrelationships between cognitive
style and indicators of subjective control showed that in-
tuitive ability (EA) is associated with general internality
(Gen) (r = 0.572; p < 0.001), and intuitive engagement
(EE) — with an analogous indicator (r = 0.575; p < 0.001).
At the same time, rational ability demonstrates a moderate
negative relationship with general internality (r = -0.363;
p = 0.010). Furthermore, general internality correlates
positively with trust in algorithmic systems (r = 0.599;
p < 0.001) and with understanding of the principles of
their functioning (r = 0.586; p < 0.001). A relationship
was also established between internality in the sphere of
work-related relations (R_S) and the assessment of the sys-
tem’s reliability and competence (r = 0.462; p = 0.001).
The data obtained provide grounds to assume that a higher
level of subjective control is linked to a more conscious
attitude towards interaction with algorithmic systems. In-
dividuals with pronounced internality tend to perceive the
results of their own activities as a consequence of their own
decisions and actions, which also affects the specifics of
using automated recommendations. In a professional envi-
ronment, this may manifest as a greater readiness to take
responsibility for the final decision, even when using arti-
ficial intelligence systems. At the same time, a high level
of internality can be combined with both greater trust in
the system and higher confidence in one’s own ability to
control the interaction process with it.

Data analysis also showed that the level of subjective
control influences not only the attitude towards algorith-
mic systems but also the nature of verifying automated
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recommendations during the decision-making process.
Individuals with high internality potentially orient them-
selves more often towards their own assessment of the situ-
ation and may demonstrate a higher level of responsibility
for the final outcome of analytical activity. In situations
involving risk forecasting or the assessment of potential
threats, this may manifest as a more thorough verification
of automated conclusions and their comparison with al-
ternative sources of information. At the same time, under
high cognitive load, even pronounced internality does not
always guarantee a sufficient level of criticality towards
algorithmic recommendations, especially if the system
demonstrates high indicators of accuracy and stability of
results. In such cases, the likelihood of the gradual forma-
tion of excessive trust in automated decisions increases.

The practical interpretation of these results suggests
the existence of distinct models of interaction with artificial
intelligence systems, varying according to the specifics of
individual cognitive styles and locus of control. Under time
deficit, significant information load, or the need for rapid
response, individuals with a pronounced intuitive style may
be more inclined to promptly accept algorithmic recom-
mendations without their detailed verification. This type of
interaction potentially increases the efficiency of working
with large datasets but simultaneously increases the risk of
automation bias formation. Conversely, respondents with
a more pronounced rational style may demonstrate a ten-
dency to re-verify the system’s results, compare automated
conclusions with alternative sources of information, and
carry out a more detailed analysis of contradictory data. In
the process of professional decision-making, this can con-
tribute to reducing the risk of erroneous conclusions, yet
at the same time slow down information processing under
high dynamics of events (Burton et al., 2020).

The identified patterns acquire particular significance
in the field of intelligence analysis, where algorithmic sys-
tems are actively applied for forecasting, classification,
and risk assessment. Under such conditions, the specific
nature of the interaction between the human and the arti-
ficial intelligence system affects not only the effectiveness
of professional analysis but also the likelihood of cognitive
errors occurring. Excessive trust in algorithmic decisions
can lead to uncritical acceptance of automated recommen-
dations, whereas excessive distrust can lead to the ignoring
of potentially significant information (Logg et al., 2019).
The established interrelationships point to the advisability
of considering the individual psychological characteristics
of specialists in the process of professional training and the
organisation of the use of artificial intelligence systems in
analytical practice.

Thus, the analysis conducted has confirmed the exist-
ence of a systemic interrelationship between the character-
istics of an individual’s cognitive organisation, the level of
subjective control, and trust in algorithmic decisions. An
intuitive thinking style is accompanied by a higher level of
trust in automated systems, whereas a rational style is ac-
companied by greater criticality towards them. At the same
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time, a higher level of internality is combined with more
positive perception and acceptance of algorithmic recom-
mendations. The identified patterns allow cognitive style
and subjective control to be considered as psychological
factors associated with the specifics of human interaction
with artificial intelligence systems and the potential predis-
position to the formation of cognitive biases in the process
of professional decision-making. The results obtained attest
to the important role of individual psychological charac-
teristics in the process of human interaction with artifi-
cial intelligence systems. The revealed interrelationships
are consistent with contemporary research in the field of
the psychology of decision-making and human interaction
with automated systems.

The established positive relationship between an intui-
tive thinking style and a higher level of trust in automated
decisions is consistent with the findings of Z. Buginca et
al. (2021), who indicated users’ propensity to automati-
cally accept artificial intelligence recommendations under
high cognitive load. Within the present study, a tendency
towards faster acceptance of algorithmic conclusions was
also observed among respondents with a pronounced in-
tuitive style. Unlike the work of Z. Buginca et al. (2021),
attention was focused not only on the general mecha-
nisms of automation bias, but also on the specific features
of professional interaction with algorithmic systems in
the field of information-analytical activity. The results of
G. Bansal et al. (2021) allow for a deeper interpretation
of the established correlations, as the authors emphasised
the importance of understanding the principles of an al-
gorithm’s functioning for forming effective human-auto-
mated system interaction. The patterns identified partially
confirm these conclusions, demonstrating a link between
the perception of the system and the level of trust in its
recommendations. At the same time, the conducted anal-
ysis extends the approach of G. Bansal et al. (2021), as it
allows for the assumption that even under conditions of
understanding the system’s operational principles, cogni-
tive style may influence the degree of criticality towards
algorithmic conclusions.

The negative relationship between a rational think-
ing style and trust in automated decisions aligns with the
theoretical propositions of D. Kahneman (2021), accord-
ing to which an analytical mode of information process-
ing involves the sequential verification of alternatives and
critical evaluation of the results obtained. In the present
study, respondents with a more pronounced rational style
more frequently demonstrated a propensity to verify algo-
rithmic recommendations and compare them with other
sources of information. This gives grounds to assume that
a rational style may partially reduce the risk of uncritical
acceptance of automated decisions. Additional explanation
for the identified patterns is found in the works of A. Kon-
verskyi & N. Kolotilova (2023), dedicated to the influence
of cognitive biases on the process of information evaluation
and argumentation. The authors stressed that specific fea-
tures of information processing can affect the formation of
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erroneous judgments and biases in the decision-making pro-
cess. The presented results complement these propositions,
demonstrating that the specificity of cognitive style may be
associated not only with information evaluation but also
with the nature of trust in artificial intelligence systems.

An important aspect of interpreting the results was the
interrelationship between internality and trust in algorith-
mic systems. A similar approach to analysing trust in Al is
presented in the work of O. Gillath et al. (2021), which ex-
amined the role of individual psychological characteristics
of personality in interaction with automated systems. The
patterns identified partially confirm the authors’ conclu-
sions, as respondents with a higher level of subjective con-
trol demonstrated a more conscious attitude towards the
use of artificial intelligence systems. At the same time, data
analysis showed that a high level of internality is not neces-
sarily accompanied by distrust of automated decisions. In a
subset of respondents, it was combined with confidence in
their own ability to control the process of interaction with
the system and to evaluate its recommendations.

The problem of forming calibrated trust in algorithmic
systems was analysed by R. De Brito Duarte et al. (2023) and
J. Schoeffer et al. (2025), who noted that the explainability
of algorithms in itself does not guarantee a critical attitude
towards automated recommendations. A similar trend is ob-
served in the present study, as even under conditions of un-
derstanding the system’s operational principles, a portion of
respondents maintained a high level of trust in algorithmic
conclusions. This indicates that trust in Al is determined
not only by the transparency of the system but also by the
psychological characteristics of the user. The propositions
of B. Shneiderman (2022), formulated within the frame-
work of the human-centred approach to artificial intelli-
gence, are also consistent with the results of the conducted
study. The author emphasised the necessity of maintaining
an active human role in the process of using algorithmic
systems and the importance of combining technological ca-
pabilities with the user’s critical thinking. The established
interrelationships between cognitive style, subjective con-
trol, and the level of criticality towards automated rec-
ommendations further underscore the significance of psy-
chological factors in the process of human-Al interaction.

Another aspect of the problem of trust in algorithmic
systems was examined by W.J. von Eschenbach (2021), who
focused attention on the “black box” phenomenon and the
insufficient transparency of Al functioning. In contrast to
the study by W.J. von Eschenbach (2021), the present work
directed primary attention to the psychological factors of
human interaction with artificial intelligence systems. This
provides grounds to believe that the specific features of
an individual’s cognitive organisation may influence the
nature of perceiving algorithmic decisions to no lesser ex-
tent than the technical characteristics of the system itself.

Summarising the results of the study, it can be noted
that the identified interrelationships between cognitive
style, characteristics of subjective control, and the nature
of interaction with artificial intelligence systems have

significant practical importance. The obtained results can
be utilised in the professional training of specialists whose
activities involve processing large volumes of information
and making decisions with the engagement of algorithmic
systems. In particular, considering individual cognitive
characteristics can contribute to the development of train-
ing programmes aimed at fostering the critical reflection
on Al recommendations, reducing the risk of automation
bias, and forming a more conscious and effective human
interaction with intelligent technologies. At the same time,
the results of the study should be interpreted considering
certain limitations. These include the limited sample size
and the predominant use of correlational analysis, which
does not allow for the establishment of cause-and-effect re-
lationships between the variables under study. Therefore,
the conclusions obtained primarily characterise the pres-
ence of statistical interrelationships between the investigat-
ed variables and cannot be directly generalised to all pro-
fessional groups without additional empirical verification.

4+ Conclusions

The conducted study allowed for establishing an interre-
lationship between cognitive style, the level of subjective
control, and trust in artificial intelligence systems in the
process of professional decision-making. Data analysis
demonstrated that an intuitive thinking style is associated
with a higher level of trust in automated recommendations
and a greater readiness to rely on algorithmic conclusions
in the process of information analysis. Conversely, a ration-
al style is accompanied by a more critical attitude towards
the outputs of artificial intelligence systems and a propen-
sity for their additional verification. It was established that
the level of subjective control also influences the nature
of interaction with algorithmic systems. Individuals with
pronounced internality demonstrated a more conscious
attitude towards the use of automated recommendations
and a greater willingness to take responsibility for the final
decision. At the same time, a high level of trust in artifi-
cial intelligence systems under conditions of considerable
cognitive load can be regarded as a potential risk factor for
automation bias and may reduce the level of critical anal-
ysis of the information received. Summarising the results
of the study, it can be noted that the specific features of
cognitive style and subjective control are important factors
influencing the nature of human interaction with artificial
intelligence systems. The obtained results indicate the ex-
pediency of considering individual cognitive characteris-
tics when analysing how specialists perceive, evaluate, and
utilise algorithmic recommendations.

The study showed that the critical reflection on infor-
mation, the ability to independently evaluate automated
decisions, and the level of subjective control can influence
the effectiveness of working with large datasets and Al sys-
tems. This provides grounds to consider human interaction
with artificial intelligence not merely as a technological
but also as a cognitive-psychological process, in which the
individual characteristics of the user play a significant role.
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4 Asomauis. AKTUBHe BNIPOBAQ)KEHHsA CHCTeM HITYYHOIO iHTeJleKTy B iHQOpMaIiliHO-aHaJiTUYHY [iJIbHICTD
aKTyajsi3ye npobjeMy AOCTigXeHHA MCUXOJIOTIYHUX YMHHUKIB, 10 BU3HAYAIOTh OCOOJIMBOCTI B3aEMOJil aHATITUKIB 3
aBTOMAaTH30BaHUMMU CHCTEMAaMU Ta IXHIO CXUJIBHICTh O KOTHITUBHUX yIllepekeHb y npolieci NpodeciiiHOro NpuiHATTA
pimeHb. MeTo10o cTaTTi 6yJI0 JOCIiIXKEHHA B3a€EMO3B’A3KY MiX KOTHITUBHHM CTHJIEM, JIOKYCOM KOHTPOJIIO Ta AOBipOIO
J0 CHCTeM MITYYHOIO iHTeJeKTy fAK YMHHHKaMM (POpMyBaHHA iHTeJeKTyaJbHUX MACTOK y NpodeciiiHill AiAnbHOCTI
aHaJIITUKIB po3BiAKU. J[OCIi[XeHHA MOEAHYBAJO TEOPETUYHUH aHajli3 CyYacHHMX HAyKOBUX Ipallb 3 eMIIipUYHUM
BHBUYEHHAM OCOOJIMBOCTEN B3aEMOJil 3 aBTOMaTHU30BaHUMHU crucTeMaMu y 50 npaktukyounx OSINT ta iHdopmariiiHux
aHaJiTUKiB. JI7A OIiHKM KOTHITMBHOTO CTHJII0O 3aCTOCOBAHO ONWUTYBAJIbBHUK pallioHAJIbHO-iHTYITUBHOTO CTHJIIO
mucyieHHsa S. Epstein, piBeHb AOBipM OO aBTOMaTU30BaHUX CHUCTeM BHU3HadaBcs 3a gomoMororo Trust in Automation
Questionnaire M. Korber, a jiokyc KOHTpoJiI0 JOCTiXKyBaBcs 3a MeTroaukoio J. Rotter. AHai3 oTpuMaHUX JaHUX
3aCBiqYMB HASABHICTh KOPEJIALINHNX 3aJIeXKHOCTEHN MiX 0COOJIMBOCTAMU MUCJIEHHA PeCIIOHAEHTiB, piBHEM Cy0’€KTUBHOT'O
KOHTPOJIIO Ta CIPUHHATTAM aJrOpPUTMIUYHUX CHCTeM. PeClOHeHTH 3 IepeBakaHHAM iHTYITMBHOIO cnoco0y oO6poOKu
iHopMallii 4YacTillle AeMOHCTPYBaJii TOTOBHICTh MOKJIAaTHCA Ha aBTOMAaTH30BaHi peKOMeHAallil Ta MO3UTUBHiIIe
OI[iHIOBaJIM (QYHKI[iOHAJIbHI MOXJIMBOCTI CHCTeM MITYYHOTrO iHTeseKTy. HaTtomicTh y4acHWKH 3 OiJIblI BHpPaxeHHUM
aHAJITUYHUM CTHJIEM MUCJIEHHS BUSBJIAJIM CXUJIbHICTh IO PeTeJIbHIIIOI epeBipKyu aJropuTMiuHMX pillleHb i HUXKYOro
piBHA 1X NpUHHATTA 0e3 MOAATKOBOro aHagidy. TakoXX BCTAaHOBJIEHO, IO BUIWM piBeHb BHYTPIIIHBOI'O KOHTPOJIIO
CYNPOBOIXYEThCA MO3UTUBHIMINM CIPUNHATTAM HaAiMHOCTI Ta KOMIETEHTHOCTi aBTOMAaTHU30BaHUX cucTteM. OTpuMaHi
pe3yabTaTH NiATBepAXYIOTh 3HAUYIIICTh iHAMBIAyaJIbHO-IICUXOJIOTIYHUX XapaKTepPUCTUK y GOpMyBaHHI 0CcOOJIMBOCTEN
B3a€MOJIl JIIOAVHU 3 TEXHOJIOTiAMU IMITYYHOIO iHTeseKTy B IpodeciiiHill AisAjbHOCTI. Pe3yabTaTu HOCIiA)KEeHHA MOXYTh
OyTH BUKOPHCTaHi Mifg 4ac po3poOJieHHs MporpaM IMCHXOJIOTiYHOI MiArOTOBKM aHAJITHUKIB Ta (GOPMyBaHHA HaBUYOK
KpPUTHUYHOI 1 pedJIeKCUBHOI B3aEMOJII i3 crcTeMaM! IITYYHOTO iHTeJIeKTy

4 KalouoBi caoBa: xormitusHmit CTUJIb; IHTYITHBHE MMCJIEHHS; pallioHaJlbHE MHCJEHHA; JIOKYC KOHTPOJIIO;
iHTepHaJIbHICTh; OBipa 0 aBTOMaTn3oBaHux cucteM; OSINT
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